% 37 5% 3 M g FRPHROARFFIR) Vol.37,No.3
2023 59 A Journal of Xichang University (Natural Science Edition) Sept., 2023

doi:10.16104/j.issn.1673-1891.2023.03.007

LT Seeded—Kmeans I SVM 1) 5y F 5074

% Yo, 3

(74 B =B ==, )1 75 5 615013)
. L H @ E M (support vector machines, SVM) AR A LA R EHREXIRA AL P A 726 A, 7T AR SO gk —
R RAFEPH LR, At FBEmy LR, E T R T Seeded—Kmeans #2 SVM # 5 £ H % (SK-SVM) , A Seeded-
Kmeans 3% 3 AR S S AT 452 AL LR AF A6 AR 25, i BUR A9 AR & SN S AR S0P , MR AT e T AR S0 4%, R e
LA SVM k4T 4. SRECUCK W 49 8 ANSHE S i AT AL 2 35, JL T Seeded—Kmeans Fr SVM 69 52K H- ik 69 8 2047 3] T 03E
K817 : k—means £ 3% ;seeded—kmeans; L FHF @ EAL(SVM) ; F BB+ @2 HL(S3VM)
FESES:TP181;TP301.6  XEFRER:A  XEHS:1673-1891(2023)03-0040-04

A Classification Algorithm Based on Seeded—Kmeans and SVM

CHEN Wanru
(School of Science, Xichang University, Xichang, Sichuan 615013, China)

Abstract; Support vector machine is widely used in pattern recognition problems such as the portrait recognition and the
text classification recognition. It can effectively solve some classification problems in real life. In this paper, a classifica-
tion algorithm based on Seeded—Kmeans and SVM (SK-SVM) is proposed for the semi—supervised two classification
problem. The Seeded—Kmeans algorithm is used to process the unlabeled points to obtain initial labels. Then, effective la-
bel points are selected and added to the existing labeled points to form a new labeled training set. Finally, SVM is com-
bined to classify the unlabeled points.
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