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Study on Fall Detection by Weighting Feature Selection Based on

Association Rules Mining
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Abstract ; With respect to the problem that too many feature attributes existed in wearable fall detectors and the existing di-
mensionality reduction and PCA methods did not take the importance of feature combination into account, an improved
weighting feature selection method based on association rule mining is proposed. According to the support and confidence
of frequent item sets, this method can select the feature attributes based on the association rules mining. The experimental
results show that the accuracy, specificity and sensitivity of this method are higher than those of the original data set with-
out dimensionality reduction and the data set selected by PCA. A better feature vector data set can be obtained, because
the proposed method can not only reduce the dimensionality of high—dimensional data, but also consider the association
rules among features.
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